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[ Abstract] With the development of medical technology, the work of anesthesiologists has expanded
to protect life safety and provide comfort of patients at all stages of the perioperative period. However, the in-
fluencing factors during the perioperative period are complicated. Anesthesiologists are short-staffed and
overloaded with work, which makes it difficult to meet the increasing clinical needs. Since biomedicine en-
tered the era of big data, the growth rate of medical data has been much faster than that of traditional manual
analysis of data. Traditional algorithms are no longer suitable for processing massive medical data. Therefore,

deep learning technique begins to play its role. This article gives a review of the application of deep learning

in anesthesiology.
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